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Abstract ;[ Objective | The aim of this study is to improve the accuracy of runoff forecast in the upper reaches
of Beiluo River and provide basis for watershed management and rational allocation of water resources.
[ Methods ] Based on the measured runoff data of Wuqi hydrological station in the upper reaches of Beiluo
River from 1971 to 2014, the monthly runoff series was predicted by using EEMD-SVM coupling model, and
compared with the prediction results of EEMD-ARIMA and EEMD-NAR models. [ Results | EEMD-SVM
model has the lowest mean absolute error and root mean square error, and the highest coefficient of determi-
nation (R?) and Nash coefficient. Compared with EEMD-ARIMA and EEMD-NAR models, the R? value of
EEMD-SVM model increases by 186.63% and 49.49% , respectively. [ Conclusion] EEMD-SVM model has
higher prediction accuracy and stronger nonlinear fitting ability, and can be successfully applied to the
monthly runoff prediction in the upper reaches of Beiluo River. At the same time, the prediction performance
of EEMD-NAR model is higher than that of EEMD-ARIMA model.
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