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Terrace Information Extraction From SPOT Remote Sensing Image
Based on Object-oriented Classification Method
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Abstract; Accurate and rapid extraction of terrace is one of the core technologies for the dynamic monitoring
and evaluation of soil and water conservation at a regional scale, and remote sensing technology provides an
effective and efficient means to extract land cover information. In this paper, image segementation and rule
based feature extraction were conducted to interpret the terrace information from the high spatial-resolution SPOT5
imageries in Yan' gou watershed on the Loess Plateau based on object-oriented classification method. Firstly, the
image objects were set through the image segmentation. Secondly, the rules for terrace information extraction from
remote sensing datasets were established via the analysis of spectral, texture and spatial feature of image objects. In
this case, the automatic extraction of terrace was achieved. Finally, the accuracy of extraction results was evaluated
through its comparison with visual interpretation results. The results showed that the position of terrace in complex
geomorphic regions could be successfully identified through the object-oriented classification method, and the
overall accuracy reached to 78. 38%. The method developed in this paper is expected to provide a reference
for the interpretation of terrace information from remote sensing imageries across the Loess Plateau.
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