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Dynamic Simulation of Land Use Change in Qingdao City
Based on Logistic-CA-Markov Model
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Abstract ;: The study of land use change of rapid coastal areas and prediction of future trends can provide a ref-
erence for rational utilization and allocation of land resources. Qingdao City was taken as the study area. The
land use scenario in 2011 was simulated and forecasted on the basis of land use type interpretation of 2000 and
2011, DEM, population, GDP and range of distance data by means of Logistic-CA-Markov model. Results
showed that the simulation accuracy by this model was 94. 27%. So the fitting accuracy will be higher by u-
sing this model. Then distribution of land use spatial patterns in 2022 and 2033 were forecasted. The simula-
ted result by Logistic-CA-Markov model indicated that each land use type from 2011 to 2022 would keep the
similar change trend as that from 2000 to 2011. Farm land, water and unused land area would decrease,
while the areas of forest, grassland, rural, urban, mining and residential would increase. The rural, urban,
mining and residential areas will increase from 2022 to 2033 slowly compared to that from 2011 to 2022. It is
concluded that the proposed model in the paper had high accuracy in terms of simulating complex land use
changes and could be used to simulate the multiple land use evolution. And this study provides not only basis
of land planning, management and decision, but also realistic significance to protect and improve the ecologi-
cal environment.
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