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Abstract: Vegetation is a collectivity of the phytocommunity in a region and is a synthetical reflection about the ecological envi

ronment. The spatial distribution of the vegetation is a typical fractal object and show details in different scales. The fractal d+

mension always embodies selfsimilar characteristics which means they don’ t change with the scales. Consequently, comparing

the spatial pattern and the fractal dimension betw een different scales will make us understand the spatial pattern roundly. Based

on regionalized variable theorie

s, geostatistics is one kind of spatial statistical theory used to explore the correlativity and de-

pendence betw een spatial variables. The first characteristic of this method is its emphasis on the im portance of spatial depend-

ence of variables. In practical research, sem+variance values of ecological factors or other indices can be calculated from the

sem#t variance formulate according to the theory, and then, sem+variogram can be drawn, distribution characteristic of the veg

etation (such as clumped or un

iform pattern) can be found from the graph. M athematical models simulation should be used in

quantification of this characteristic. The fractal dimension which was calculated by double-logarithm sem+ variogram, where m

(the slope of the graph) shows its heterogeneity characteristic as well. T he lower the D value is, the higher heterogeneity the

distribution of vegetation has.
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