12 5 Vol.12 No. 5
2005 10 Research of Soil and Water Conservation Oct- ,2005

—— AL X 45

HEA, FhA, mRE

(1. ) 402;2. .

il ’

:P642. 23 tA : 1005-3409( 2005) 05-0042-07

Evaluation of Indirect Benefits From Rural

Development and Debris Flow Prevention Plans
— Case of Huashan Area

XIAO Jing%kai', LI Jun-hong’, HUAN G Jin-huang'
.Department pplied E conomics, Zhongxing University, Taizho ;
1.De Applied E ics, Zhongxing Uni ity, Taizhong 402
2. Dep artment of International Business, T aizhong H ealth and Management College, T aizhong , Taiw an, China)

Abstract: Public Sector had used debris flow prevention and rural development plans to mitigate the damage of resident’s life
and properties caused by the debris flow in the Huashan area. In the past, previous studies of debris flow prevention and rural
development plan have shown that the evaluation for the quality of life, environment and rural culture, has been ignored and
thus underestim ated the total benefits and failed to attain the efficiency of resources allocation. T he purpose of this study is to
establish an empirical model of evaluation of indirect benefits from debris flow risk reduction by using double bound
dichotomous choice model, and analyze the affecting factors of willingness to pay,such as perception factors and clusters of
debris flow and socio-economics backgrounds. Furthermore, this study will use least significant difference test to evaluate the
difference among different groups from evaluation of indirect benefits and estim ate the indirect benefits.
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